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Consistency in a personality of a conversational agent plays a crucial role in forming user
expectations towards interaction and determining the quality of user experience. For an agent
personality to be manifested consistently, designers should be able to communicate the
personality they designed clearly and concretely to multiple dialogue designers so that the
same understanding of the intended personality is shared among them. This paper proposes
a design guide to support such communication to ensure consistent manifestation of an agent
personality throughout conversations crafted by multiple designers. In reference to a
conversational agent personality framework and the speech act theory, we developed the
guide that supports designers to grasp how an agent personality was designed as well as
how to manifest it in various conversational situations. While we evaluated the guide in a
Wizard-of-Oz-based user study, we also explored what should be considered in order for
designers to maintain consistency of manifested personality in conversational interactions.
The findings related to users’ perception of a consistent agent personality were threefold:
users perceived roles and functions of an agent as its personality; cross-situational
consistency in style of providing services and contents mattered; and users were tolerant for
inconsistency in verbal and physical modalities. We conclude the paper with discussion on
potential benefits of the guide.
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Introduction

As advances in the fields of artificial intelligence and natural language processing brought
about widespread commercialization of conversational agents such as Siri, Alexa, Google,
and Cortana, efforts in research and practice have been made to craft their personalities. For
instance, Alexa is attributed with a “friendly, upbeat, and helpful” personality, while Siri is
described to be “friendly and humble, but also with an edge.” (Danielescu & Christian, 2018).
Likewise, designers are vying to craft unique personalities of CAs with care as they can
influence users’ perception of CAs, satisfaction of interaction, and brand identities.
However, while much attention is devoted to what kinds of personalities CAs should have,
how to ensure consistency of designed personalities in conversations remains
underexplored. Though the importance of consistency in CAs’ personalities was emphasized
in prior work, achieving it seems to be challenging in a practical conversation design process.
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In such a process, creators of a CA personality are not always in charge of designing all
conversations of the agent. Instead, multiple designers write dialogue lines individually by
referring to the descriptions or design guidelines created already. Given this situation, it is
crucial for the conversational designers to form a clear consensus on a single, originally
intended personality. Failure of this would lead to inconsistent personalities conveyed in
various conversations, undermining overall user experience and expectations towards how
to interact with the agent (Cassell, 2000; Callejas, 2014). While research on making
consistent CA personalities exist, most work leans towards technical solutions drawing
heavily on computational linguistics (Mairesse & Walker, 2007; Bouchet & Sansonnet, 2012;
Li, 2016; Qian, 2018), and few designerly attempts were made to solve the conundrum of
sharing the same conceptual image of the CA personality among various designers.
In consideration of this issue, we propose a design guide to facilitate multiple designers to
design and share the same understanding of a CA’s personality, thereby aiding them to
manifest the personality consistently in separately created conversations. Building upon an
existing CA personality framework and a speech act taxonomy, our guide was designed to
inform designers to understand how a CA’s personality has been designed and how it can
be manifested via various channels in specific conversational cases. We examined the
effectiveness of this guide by conducting a Wizard-of-Oz user study, which also uncovered
factors associated with perceived consistency of a CA’s personality from a user’s
perspective. Our work contributes to the field of HCI research field by providing designers
with pragmatic guidelines and user-perspective design considerations for maintaining
consistency in the process of constructing and manifesting CAs’ personalities.
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Background and Related Work

With our focus on consistency of CA personalities, we position this paper with respect to
prior work on CAs and their personalities, along with discussions on existing design
guidelines for popular conversational agents.
2.1 Conversational Agents
A conversational agent refers to a system that interacts with users by means of human-like
natural language (Kopp, 2005; Vassallo, 2010). To achieve natural interaction with a user,
the agent should be capable of comprehending linguistic and non-linguistic inputs to
generate corresponding responses, carrying out basic conversational behaviours such as
turn-taking, and understanding contexts to generate its own opinions (Davis, 2001).
While much past CA research leans to technical contributions, recent work has been
increasingly exploring user experience of CAs. Studies have scrutinized opinions from users
of various CAs to identify the discrepancy between user expectation and actual experience
(Luger & Sellen, 2016) and infrequent users of CAs to disclose pragmatic issues that led to
the termination of their usage (Cowan, 2017). Another study investigated people’s
experiences of actual in-home usage of a CA (Sciuto et al., 2018). Although limited in an
office context, a line of studies has also explored user experiences of CAs throughout in-thewild deployment of a prototype such as an assistant chatbot on an instant messaging tool
(Liao, 2016), a Q&A chatbot (Liao, 2018), and a journaling bot (Kocielnik et al., 2018). While
these studies collectively point towards technical problems as well as CAs’ actual
intelligence and capability as prevailing issues in current stage of CA research, they also
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highlight opportunities for designing human-like features such as personalities or playfulness
as they affect users’ mental models of CAs.
2.2 Consistency in Personalities of Conversational Agents
As natural language has no longer been the preserve of humans, CAs can socially interact
with humans, which leads users to endow human-like personalities to such agents (Nass,
1995). Accordingly, many studies emphasized the significance of CAs’ personalities by
identifying significance of personality regarding satisfaction of interactions with an agent
(Xiao, 2005), its effect on whether the user decides to continue interacting with the agent
(Callejas, 2014), as well as its role as the determining factor of the overall image of the
brand which a CA belongs to (Cohen, 2004).
Recognizing of the necessity of designing an agent’s personality, studies addressing how an
agent’s personality should be designed abound. Studies proposed that a friendly and
authoritative yet inordinately passive personality of an agent is liked (Selker, 1994; Dryer,
1999). Other studies revealed that users preferred agent personalities that were similar to
their own (Tapus, 2008; Mairesse & Walker, 2010; Nass, 2012) or that match task contexts
(Goetz, 2003). While such prior work was crucial to adding knowledge about agent
personalities, researchers have glanced over subjects on consistent manifestation of an
agent personality. Indeed, consistency is even highlighted in the very definition of personality.
Psychology’s definition of personality in itself shows us how closely the quality of a
personality is tied to its consistency, as personality is described as a continuous and
consistent behavioural or emotional pattern that characterizes an individual, making it
possible for others to anticipate how the individual will act in certain situations (Cattell, 1970;
Goldberg, 1990). A study (Bouchet & Sansonnet, 2012) applied the same notion of
personality and explored the gravity of a consistently conveyed agent personality, identifying
the personality’s role in allowing users to predict what agent capabilities.
While current studies concerning the consistency of agent personalities exist, their focus
tends towards automation of personality design and dialog generation processes. For
instance, a study (Mairesse & Walker, 2007) proposed the PERSONAGE system that
generated CAs’ personalities by quantitatively manipulating extraversion-introversion levels.
Other studies created mathematical models for an agent persona that tailors the agent’s
linguistic style to its users (Li, 2016) or for generating consistent responses (Qian, 2018).
Bouchet & Sansonnet (2012) also proposed a method based on the FFM/NEO PI-R
personality model that translated personality traits into specific actions. While such
automation does provide a means to a uniform and coherent agent personality, as the
mechanical process exploits existing taxonomies of broadly classified personality traits and
uses strict algorithms to standardize the design and expression of personality, it leaves little
room for designers’ efforts that can imbue CAs with more characterful personalities. Instead,
our works aims to suggest a design-oriented solution on the problem of inconsistent
personality, offering findings on how to design and manifest CAs’ personality and how to
assure consistency in them along with considerations on an end-user perspective.
2.3 Design Guides for Conversational Agents in Practice
Despite the necessity for a practical guidance for designing and manifesting a personality in
a consistent manner, existing design guidelines for commercialized CAs on do not present a
structural approach to this issue. While publicly accessible guidelines for popular CAs such
as Alexa (2019), Cortana (2019), or Bixby (2018) provide details to the configuration of the
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conversations or on the development of a dialog system, there seemed to lack sufficient
instructions on consistent manifestation of intended personalities of CAs. These documents
provide detailed descriptions of their own agent’s personas, principles on how the
personalities are expressed in key usage situations, and directions on how to build
compatible ‘skills’ for their respective devices, only to lack applicability of such guidance on
other CAs in general. While personality design principles and guidelines for Google Assistant
in Google Conversation Design (2019) seem apt for expanded application, little focus is laid
on how specifically a designed personality can be reflected in dialogues, not to mention the
issues with communication between the personality designers and dialog writers as well as
the considerations on expression channels of a personality other than the verbal modality.
Accordingly, our work aims to develop a new design guide that resolves the prevailing issue
of inconsistent personalities of CAs manifested in actual dialogues caused by the current
practice where multiple designers work separately.
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Developing the Guide for Agent Personality Manifestation

We developed a guide to support personalities of conversational agents to be shared among
multiple designers as intended and therefore be consistently manifested. Our guide draws
upon prior work (Kim et al., 2019) that suggests a new conceptual framework for designing
and communicating agent personalities as shown in Figure 1. According to the framework, a
conversational agent has three dimensions of its personality and three channels for them to
be expressed. We chose this framework as a reference as it identifies recent considerations
distinctive for designing CA personalities instead of relying on human personality models.
Our guide also builds on speech act theory (Austin, 1962; Searle, 1969) which states that
when people is participating in a conversation, they not only produce utterances but also
perform actions. This notion is applied to CAs as well, leading our guide to describe how an
agent personality is expressed for possible speech acts, that is, for possible conversational
behaviours that an agent makes. We chose Dialog Act Markup in Several Layers (DAMSL)
(Allen & Core, 1997) as a reference (Figure 1). Being one of the widely used taxonomies for
processing computational conversations, DAMSL is a domain-independent type of taxonomy
that categorized types of speech acts based on their communicative functions. Therefore, it
was considered as a suitable scheme to make our guide describe ways of manifesting a CA
personality in diverse conversational situations regardless of its domain.

Figure 1. Two references used for the guide: the framework for personalities of conversational agents (left) (Kim
et al., 2019) and the list of communicative functions from the DAMSL taxonomy (right) (Allen & Core, 1997)
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Based on the aforementioned references, we developed the guide for designing and
manifesting an agent personality as in Figure 2 and Figure 3. The guide is comprised of two
parts: the first part describing personality traits of an agent and the second part describing
how such personality traits should be actually manifested via expression channels for each
conversational situation. Reflecting the personality framework, the first part includes
common traits that all agents in a certain service domain share, distinctive traits that are
unique to this very agent, and neutral traits that should remain undefined or customizable by
users. Each personality adjective is clarified with specific actions that the adjective implies.
Also, to facilitate grasping of the overall personality, we added a space for a representative
keyword summarizing various personality traits. The second part guides designers on how
the personality in the first part can be manifested through various expression channels with
regards to a certain speech act, or a conversational situation, with a dialogue example.

Figure 2. The overall composition of the guide: the first part (top) and the second part (bottom)
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Figure 3. An example of the written guide
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Study Method for Examining the Guide

We conducted a Wizard-of-Oz (WoZ) user study (Dahlbäck, 1993) to explore whether end
users would perceive an agent personality to be consistent in conversations designed based
on our guide, thereby evaluating the effectiveness of the guide in allowing multiple designers
to manifest an agent personality consistently in a conversation design process. As we could
not decide on a single representative guide to compare ours with, we aimed to let users to
experience conversations with two agents with distinctive personalities designed by our
guide and to examine whether they would perceive each personality to be consistent and as
intended.
The study consisted of two parts: making agent prototypes and conducting a user study with
the prototypes. In the following section, we describe the processes of each part.
6

4.1 Making Agent Prototypes
For our WoZ study, we created agent prototypes comprised of various dialogues which
multiple designers individually created using the guides, as done in actual design practice.
We started with designing two agent personalities to complete two guides to be provided for
other conversation designers. Three researchers conducted a design workshop to create
two different healthcare agent personalities (Table 1) and complete the guides accordingly.
A healthcare domain was selected for our study as the three researchers all had
experiences of using relevant services and were interested in designing them.
Table 1. Personality descriptions of Agent Type 1 and Type 2
Agent Type 1
Representative keyword
Common Traits
(Shared by both agents)

Strict Instructor

Agent Type 2
Golden Retriever

Accurate, Trustworthy, Friendly

Distinctive Traits
(Unique to each agent)

Uptight, Flawless, Charismatic

Emotional, Youthful, Humorous

Neutral Traits
(Undecided or tailored
to users)

Older than its user
Having no particular hobbies or
preferences

Of a similar age as its user
Sharing hobbies and preferences
with the user

After designing the agent personalities, we aimed to collect dialogues that other designers
would create by referring to the contents in the given guides. We recruited 16 participants
with either design or computer science background and experiences in CA-related research.
The average age of participants was 26 (SD=4.4, MIN=21, MAX=37), and 10 were female.
We assigned each half of the 16 participants with the two agents we designed: eight for
Agent Type 1 and another eight for Agent Type 2. Adapting the common conversational
design process in practice, we asked participants to work individually online. Each
participant received a link for a Google Drive Spreadsheet (Figure 4) containing an overall
introduction, an instruction on how to write dialogues on the sheet, a description of agent
service concept, and the contents of the personality guide.
Each participant was asked to write 26 lines in a given user scenario. The scenario included
various healthcare-related situations, such as sleep report, medication reminder, and recipe
recommendation, as well as several non-task conversations including greetings and small
talk, ensuring that the contents in the guide for all ten speech acts were utilized at least once.
Throughout this, 8 variations of a single dialogue line for a conversational situation were
created, resulting in 208 dialogue lines in total for each agent. From these dialogues, nonverbal behaviours associated with physical modalities were converted to animations using
Microsoft PowerPoint. Verbal dialogues were converted as audio files using a TTS generator
and embedded in corresponding slides. In this way, one dialogue line was transformed as
one slide as in Figure 5, resulting in two .pptx files as two agent prototypes.
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Figure 4. An example of conversations designed by a participant (in green cells; translated to English)

Figure 5. Process of making agent prototypes from dialogues collected

4.2 Wizard-of-Oz User Study
Using the agent prototypes, we conducted a WoZ user study to explore how end users
would perceive the designed agent personalities and what would be factors affecting such
perception during conversational interactions. We recruited 30 participants who had basic
understanding of CAs and experiences of using them. The average age of participants was
25 (SD=2.9, MIN=20, MAX=32), and 14 were female.
Figure 6 shows the study process and set-up. After introduction, a participant was given with
a set of tip cards about agent concept, possible commands and functions of the agent, tasks
to be completed, and hypothetical user characteristics set up for the participant. We
expected the cards to work as a boundary for minimizing conversational situations that
deviate from our database of dialogues and expressions.
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Based on the cards, participants were asked to freely converse with each agent prototype
until they were sure how each agent personality was perceived to be. With sufficient training
in advance, the first wizard played with nimbleness appropriate dialogues by referring to the
database. Also, he played various dialogues randomly to ensure that conversations
designed by different writers were mixed. The second wizard transcribed all conversations
real-time so that participants could review the logs after interaction. We did not control
interaction time or sequence as we expected experiences to be natural and realistic. To
compensate the effect by order of interactions, half of the participants interacted with Agent
Type 1 first and then Agent Type 2, and vice versa.

Figure 6. Study process (top) and set-up (bottom)

After interacting with each agent, participants evaluated how the personality traits of the
agent were perceived based on 7-point semantic differential questions (Figure 7). Each item
included a pair of all personality traits of both agents (Table 1) and their opposite adjectives.
The order of the semantic differential questions was randomized to compensate possible
bias. Also, participants commented with detailed reasons on how each personality was
perceived to be and whether or not they perceived each personality to be consistent.
Among 30 participants, we conducted in-depth interviews with seven who evaluated the
personalities of both agents correctly and six who did less correctly. Along with discussions
on overall interaction experiences, the interview questions focused on understanding what
affected participants’ perceived personalities of agent as well as their consistency. Each
interview lasted about 40 minutes. All interviews were audio-recorded and transcribed.
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For data analysis, three researchers examined the transcribed interview logs of and
participants’ comments on each agent. Iterative open-coding analysis was conducted in
search of emergent themes and patterns regarding users’ perception of a CA’s personality
and its consistency during conversational interactions. We repeated this analysis process
until we reached consensus on three factors related with consistent personalities of CAs.
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Findings

In this section, we first report on the result of quantitative analysis regarding the
effectiveness of the guide on maintaining consistency of agent personalities. We then
present three factors that affected perceived consistency in agent personalities identified
from the qualitative data, the main interest of our data analysis.
5.1 Evaluation of the guide
We implemented basic quantitative analysis to validate the effectiveness of the guide. From
the answers regarding whether or not the overall personality of each agent was perceived
consistently throughout the WoZ session, we found that in general participants perceived the
overall expression of the agent personality to be consistent. For Agent Type 1, 27 out of 30
participants answered that they perceived its personality to be consistent. For Agent Type 2,
28 out of 30 participants answered that they perceived its personality to be consistent.

Figure 7. Average scores on each personality trait of Agent Type 1 (left) and Type 2 (right)

By calculating the average of the scores participants gave for each common and distinctive
personality traits of the agents, we found that participants perceived all personality traits as
intended except the friendly common trait of Agent Type 1. While Agent Type 1 should have
embodied the friendly common trait as a healthcare agent, participants actually identified
Agent Type 1 closer to aloof, scoring only an average 2.2 out of 7 on the ‘aloof-friendly’ item
(Figure 7, left). One reason for this might be that while common traits were what every agent
designer pursued at first, distinctive traits played a stronger role in giving distinctive
individuality to the agent, consequently being a more dominant influence on users’
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perception of CA personalities. For Agent Type 1, we think that its uptight, charismatic, and
flawless distinctive traits overrode the friendly common trait. This can also account for the
average scores of the accurate and trustworthy common traits for Agent Type 2 being closer
to the midpoint; for Agent Type 2, its humorous, youthful, and emotional distinctive traits
lessened such common traits while strengthening the friendly common trait. These
unexpected interactions among the traits will be an interesting area for future research for
designing agent personalities.
5.2 Factors Related to Perceived Consistency of Agent Personalities
Qualitative analysis of the data unveiled three factors associated with users’ perception of
consistent agent personalities. We report each in the following.
5.2.1 Roles and Functions of an Agent as Personality
Participants perceived the roles and functions of an agent as its personality. The nature of
such roles and functions connoted stereotypical images or behaviours, thereby setting
expectations on personality traits implicitly associated with those stereotypes. For instance,
P1 felt Agent Type 1 as not extremely uptight due to the inherent limitation set by its role as
an assistant: “An agent is an assistant anyway, so it does not feel like talking so harsh. It is
in a position to take care of me, so it’s difficult to think it to be so rigid.” As for personalities
implied by certain functions, P6 and P7 mentioned that although Agent Type 2 was basically
perceived to be friendly and youthful, it was also flawless to some degree because of the
functions such as medication reminder and low step count warning.
As such, an agent’s role and functions seemed to set up a ground personality or a boundary
that limits the agent to have certain personalities. As a CA in practice is usually first
equipped with functions and features by engineers and then rendered a personality, our
findings motivate designers to begin a sketch of personality considering readily assigned
functional purposes or roles of a CA. However, pre-existing user expectations regarding
roles and functions are not concrete foundations on which its personality must be laid, but
just one of the preliminary triggers that guide designers who need to start from scratch. For
example, P3 mentioned that he would clarify the perceived role of an agent based on its
perceived personality: “If the agent acts proactively, it will be a trainer, and if it is passive, it
will be a butler.” Initial predictions based on an agent’s role and functions can be defied by
actual perception of its personality.
So as to maintain consistency of a CA personality throughout varied ways of manifestation,
these findings suggest that not only the expressed personality should be in line with
functions or services that the agent is performing, but also the types of such functions and
services should also fall into an analogous category. For instance, P4 mentioned that her
expectations on a CA personality stemming from its functions were the key to the perceived
consistency of the personality for her: “I think consistency depends not on how it speaks but
on whether or not it goes beyond my expectations during interactions. For example, I always
use Siri strictly for the purpose of setting morning alarms, but if it suddenly tries a small talk
and asks me how my meeting was, it will be a little awkward (because that is too tender).”
The dissonance between expectations set by one function and another can create perceived
inconsistency of a CA personality.
In light of these findings, we suggest future CA designs reconsider whether or not a CA
should have its personalities varied based on the functions and services it provides, or even
whether or not a single multi-purpose agent is an appropriate choice. While how to manifest
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a personality consistently is an issue that badgers a multiple-domain CA, it can be resolved
by adopting a different approach: designing multiple domain-specific agents such as a metachatbot (Maturi, 2016) or a conversational Internet-of-Things system. Prior work (Jung et al.,
2017) has suggested that users tend to endow IoT products with typical roles matching
mental models. Retaining such mental models can be supported by multiple discrete agents
each focusing on performing one or a few particular tasks, reducing chances for their
personalities to lose consistency across diverse situations.
5.2.2 Cross-situational Consistency in Services Style and Contents
Participants also perceived agent personalities from ways the agents provide services. For
example, P9 felt uptight and flawless traits of Agent Type 1 in a conversation about diet
recommendation service: “The first most impressive moment was when it didn’t allow me to
change the menu. I had no choice other than spinach… I thought it was rigid because it
didn’t offer me any alternatives.” Also, P1 thoughts Agent Type 2 to be friendly and
emotional when the agent additionally suggested her what to wear along with weather
information. From each separate conversational moment as such, participants got an inkling
of how an agent offered a certain service as well as what types of service contents it
provided, and such inklings led to form a perception towards a personality as a whole after
experiencing various dialogues through multiple turn-takings.
As a result, keeping consistency in ways of providing services and types of contents across
various situations was crucial in consistency of agent personalities. P6, P7 and P20
perceived the consistent personality of Agent Type 1 because of its repeated attempts to
push users: “It was kind of pushing me when it was talking about medication. The words like
‘right now,’ too. When I asked for alternatives, it said no. Also, when I was in the bed, it kept
asking my permission to turn off the light in 30 minutes.” (P7) Also, P3 said Agent Type 2
was friendly and emotional all the time because it always proactively took care of his health:
“When I said ‘good morning,’ I expected a report on my sleep patterns at most, but the agent
actually even asked me if I was tired or not. And here, (when it was providing weather
information) it even told me to put warm clothes and a mask. And also… it proactively asked
me if I was thinking about the breakfast menu.” While these examples show how agent
perform various services in a similar manner, P4 said the personality of Agent Type 2 was
perceived consistent due to similarities in service contents: “(The agent) said it supports my
healthy life, and everything it said and every service it provided were all related to healthcare.
(…) The services were all about health, so I thought it was consistent.”
Indeed, inconsistency in a personality was noticed when such style of providing services or
contents types varied across different situations. P18 commented that he was talking with
two different agents when Agent Type 1 offered services in both strict and caring ways: “It
seemed uptight when it reminded me of taking medication, provided date and weather
information, and tried to manage my lifestyle, but it acted friendly and humorous when it
suggested me to do stretching exercises, told me some news about my favourite musician,
and tried small talks at night.” Also, P3 and P7 said Agent Type 1’s sudden attempt on lighthearted chit chat baffled them: “The topic [a casual chat on daily schedule] was a little
inappropriate. (…) When I told the agent that I was bored, I was expecting things like a
suggestion on stretching exercises.” (P7) As these illustrate, similarity in style of providing
services and contents types was key to consistent personalities of CAs.
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5.2.3 Tolerance for Inconsistency in Verbal and Physical Modalities
Aligning with findings from prior work (Dryer, 1999; Neff et al., 2010; Hwang et al., 2013;
Schuller & Batliner, 2013), our study also found that verbal, facial, and gestural modalities,
such as detailed linguistic phrases, way of talking, and visual appearance, render an agent
personality: “It mentioned the exact number of steps, and regarding weather information, I
saw some numbers like 13 degrees Celsius and 30% chance of rain (on the facial display).
That made it [Agent Type 1] very meticulous, trustworthy, but at the same time a bit rigid.”
(P9) “It had various facial expressions. It was smiling and crying… That seemed quite
emotional.” (P12)
However, participants were relatively tolerant towards stylistic inconsistency of such verbal
and physical modalities across varying situations. For instance, P5 did not pay attention to
specific linguistic phrasing or way of speaking while interacting with Agent Type 2: “I did not
care how it spoke so much. People sometimes say like this, and sometimes say like that.”
Also, P4 mentioned that the inconsistency of Agent Type 2’s language actually strengthened
its youthful personality: “Even if someone first stays calm and later talks so cheerfully, you
do not think that as personality disorder. That inconsistency is the personality itself. You
don’t think the personality changes.” Such tolerance was pointed out by other participants
who also described “unpredictable” as “characterful” (P2) and even “consistency of
interactional modalities” as “a cause of abandoning a longer-term relationship development
with the agent.” (P11)
Instead, participants tended to figure out more veiled meanings from what met the eyes and
ears, interpreting them as style of providing services. Reading between lines, P6
distinguished between two different styles of providing services by Agent Type 1 and 2
based on how they spoke: “Type 2 was more gentle. By saying ‘why don’t you do this?’ it
was more like making a suggestion. The second one [Type 1] was more like rushing me, but
this Type 2 was softer. Compared to Type 1’s saying ‘do this right now!’, Type 2 was much
tenderer.” Therefore, with regards to an agent’s modalities, concerns should lie on subtextual nuance conveyed as a cue for service styles instead of merely ensuring whether their
explicit appearance and linguistic phrasing stays consistent.

6

Conclusion and Future Studies

This paper presented how we developed and evaluated a design guide for consistent
manifestation of CAs’ personalities by multiple conversation designers. Throughout a WoZ
user study, we confirmed that the guide supported multiple designers to share the same
understanding on how a CA’s personality has been designed and how it has been intended
to be manifested in conversation. The findings from this study also shed light on design of
clear agent personalities by identifying factors associated with users’ perception on such
personalities and its consistency: the roles and functions of an agent as its personality;
cross-situational consistency in style of providing services and contents; and tolerance for
inconsistency in verbal and physical modalities. Grounded on the problem occurring in real
design processes of CAs’ personalities and conversations, our guide is believed to have high
applicability in design practice. With further refinement, the guide is expected to work as
pragmatic guidelines empowered by both designer- and user-centred perspectives regarding
consistency of CAs’ personalities.
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